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Figure 1. Density of Maréhenko-Pastur's quater-circle law (7 = 4/7 = 0.57,
a = 0.06, b = 3.086).
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Covariance matrix estimation

e Classical approach:

— James and Stein [9], Stein [17], Dey and Srinivasan [5], Haff [6].

e Large covariance matrix estimation:

— Lediot and Wolf (1200 0000000000000 0O OO Sphericityd0
convex combination. — Finance U OO0 OO OO OOOO OO

— sparse genomic data O 0O 00 O large-scale covariance matrix U U [ [
Schafer and Strimmer [16].
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